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Where is Al ?
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Explain Al simply Al stands for Avrtificial Intelligence.
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Can you summarize this article for me?

* Of course! Here is a summary of the article:

The article discusses the impact of Al on
workplaces, the importance of responsible
development, and ways organizations can
prepare for the future.,
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What could go wrong?



What could go wrong?
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Content performance @

621,142

Impressions
~ 116.9% vs. prior 90 days

Ge® 122 97 kommentarer - 2 inldgg som lagts upp igen

e v D Gilla ® Kommentera 2 Omdela <7 Skicka



Why should companies care?

» Entered into force in 2024

» C(lassifies recommendation algorithms as high-risk for some applications

» Requires transparency, accountability, and fairness

*
* Xk High Risk

the potential to cause significant harm if
they fail or are misused, e.g. if used in law
enforcement or recruiting.

* *
* * Most regulated Al systems, as these have
* *

EU * x X
Artificial
Intelligence Act

Minimal Risk

All other Al systems, e.g. a spam filter,
which can be deployed without
additional restrictions.

o W

°v

Unacceptable Risk

Highest level of risk prohibited in the EU.
Includes Al systems using e.g. subliminal
manipulation or general social scoring.

Limited Risk

Includes Al systems with a risk of
manipulation or deceit, e.g. chatbots or
emotion recognition systems. Humans
must be informed about their interaction
with the Al

Fairness goes from academic concern to legal obligation



What does it mean to be fair?

In Machine Learning, fairness means that a model’s predictions should not
be influenced by sensitive attributes :

Gender

Race / Ethnicity

A model should make the same decision
regardless of who you are,
based only on relevant information.

« Age

Religion, origin...

e.g. a hiring algorithm should not reject a candidate because she is a woman.



should not influence output
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Fair output

» Bias lives in data : historical data reflects past inequalities
» The goal : learn useful patterns without reproducing discriminatory ones

» The challenge : bias is structural, not just a column to remove



How to remove the sensitive attribute : Woman ?

Mathilde Perez

> Age : 27

» Gender : woman

» Country : French

» Hobbies : Women club
chess

» Education : Mathematics

University

» Current position : PhD
student, Télécom Paris
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No we can’t do that.
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We have to delete some
connection also

much information.







My Research

What is the influence of recommendation systems on network evolution?
How will networks evolve in the future?

Homophily = Choice + Induced
intrinsic preferences exposure & structural constraints
Who I want to connect to Who I am exposed to

» Recommendation systems shape exposure and therefore homophily

» Feedback loop : the network influences recommendations, which
influence the network

» Key question : can we disentangle what is chosen from what is
imposed? o



My Approach

Mathematical modelling of networks Nerroilk
& dynamics structure
» Graph models : represent the \
network structure and its evolution Recommendation
over time algorithm
» Dynamic models : capture how \
connections form, break, and reinforce { Network J
» Recommendation as a evolution

perturbation : inject algorithmic
exposure into the model

— Measure how much and how fast recommendation
algorithms shape the network
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